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2. Data Smoothing

smooth curve (Radiance(SAT))
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SAX symbols(Radiance(SAT))
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4. Spilt input data and train LSTM model
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m Fixed Season Unfixed Season

Overall error 8.42 %
Spring (2022/4) 10.41 %
Summer (2022/7) 7.07 %
Autumn (2022/10) 9.64 %
Winter (2022/1) 9.69 %
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features
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